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This study analyzed the impact of cash transfer programme on vulnerable rural household 

food consumption and dietary diversity in the northcentral zone of Nigeria using a cross 

sectional data. A total number of 408 respondents comprisingbeneficiaries and non- 

beneficiaries were drawn from Benue and Nasarawa states using multistage sampling and 

the sample size was determine using Taro Yamane 1973. Thepropensity score matching 

(PSM) model was used and average treatment on the treated (Att) was calculated. The 

result showed a positive and significant impact of cash transfer on household food 

consumption and dietary diversity ofvulnerable beneficiary households by 37and 42 

percent respectively. Consequent on findings and having empirical evidence of the 

Household Uplifting Programme impact on household Food Consumption and Dietary 

Diversity, it is recommended that policy makers should ensure livelihood support for 

graduating beneficiary households for (i) sufficient house welfare outcomes and 

sustainable impact on household and (ii) toreduce hunger and malnutrition among 

vulnerable households
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 According to Bailey (2003), the impact of CTs on hunger has been most pronounced in 

low-income countries (LICs) where poverty is generally more severe. In these settings, 

households receiving additional income are particularly likely to prioritize spending on 

improving the quantity and/or quality of food consumed. Cash transfers might indirectly 

improve food consumption through investment in livelihoods that increase income 

(Bailey, 2013).  Furthermore, cash transfers can potentially play an important role to 

� Hunger is one of the direct manifestations of poverty. In May, 2017 the 

Organization for Economic Cooperation and Development (OECD) declared that about 

7.1 million people in Nigeria are facing acute food insecurity and in need of urgent 

lifesaving and livelihood protections(OECD, 2017).  Also, according to BBC news on 11 

March 2017, the UN estimated that there were 75,000 children at risk of starving to death 

in Nigeria. Poverty situation got worsened by insurgency (Boko Haram) and exacerbated 

daily by the Herdsmen/farmers clashes leading to loss of livelihoods thus making them 

more vulnerable. Households often experience shocks leading to the adoption of coping 

strategies such as variability in their food consumption, purchase of cheaper and less 

nutritious food staple substitutes, skipping meals and, in extreme case, scavenging. 

� Cash transfer has become an important and effective policy tool for reducing 

household vulnerability in developing countries and is increasingly seen as an effective 

approach to tackling multi-dimensional poverty and vulnerability (Fiszbein and Schady, 

2009).Cash transfer started in Latin American and Caribbean countries since the 1990s. In 

Africa, conditional cash transfer has been implemented with success in so many 

developing countries like Kenya, Malawi, Ghana, Ethiopia and South Africa. In sub-

Saharan Africa, about forty countries have adopted the unconditional cash transfer (UCT) 

(Bastagliet al., 2016). In Nigeria, social protection policy and programming have emerged 

in recent years.�� �

human capital of poor and vulnerable households.  The programme is designed to deliver 

timely and accessible cash transfers to vulnerable households and sets to support 

development objectives and priorities, to achieve specific outcomes such as household 

consumption, increased utilization of health and nutrition services, school enrolment and 

attendance, environmental sanitation and asset acquisition and sustainable livelihood. The 

Programme commenced in September, 2016 and became operational in 2017 with a total 

of nine (9) states in phase 1, seven in phase 2 and 5 in phase 3 bringing it to a total of 21 

states.



Journal of Agricultural Economics, Extension & Science

4  

Journal of Agricultural Economics, Extension & Science

65 

smooth consumption by stabilizing household income fluctuations (Maluccio, 2005).

The paucity of research efforts on household uplifting programme in Nigeria especially in 

the North central geopolitical zone of Nigeria made this study urgent and compelling.This 

study seeks to investigate the impact of household uplifting (unconditional) cash transfer 

programme on Food Consumption and Dietary Diversity in North Central, Nigeria and 

also reduce the paucity of empirical literature on cash transfer impacts on food 

consumption and dietary diversity in Nigeria.

Introduction

The Cash Transfer programme of the Federal Governments of Nigeria also known as 

Household Uplifting Programme (HUP) otherwise is an inclusive growth and social 

inclusion strategies aimed at addressing deficiencies in capacity and lack of investment in 

human capital of poor and vulnerable households.  The programme is designed to deliver 

timely and accessible cash transfers to vulnerable households and sets to support 

development objectives and priorities, to achieve specific outcomes such as household 

consumption, increased utilization of health and nutrition services, school enrolment and 

attendance, environmental sanitation and asset acquisition and sustainable livelihood. The 

Programme commenced in September, 2016 and became operational in 2017 with a total 

of nine (9) states in phase 1, seven in phase 2 and 5 in phase 3 bringing it to a total of 21 

states.

� Cash transfer has become an important and effective policy tool for reducing 

household vulnerability in developing countries and is increasingly seen as an effective 

approach to tackling multi-dimensional poverty and vulnerability (Fiszbein and Schady, 

2009).Cash transfer started in Latin American and Caribbean countries since the 1990s. In 

Africa, conditional cash transfer has been implemented with success in so many 

developing countries like Kenya, Malawi, Ghana, Ethiopia and South Africa. In sub-

Saharan Africa, about forty countries have adopted the unconditional cash transfer (UCT) 

(Bastagliet al., 2016). In Nigeria, social protection policy and programming have emerged 

in recent years.�� �

 Specifically, the study sought to: describe the socio-economic characteristics of the 

vulnerable rural beneficiary households in the study area; determine the impact of HUP on 

food consumption and dietary diversity of vulnerable rural beneficiary households in the 

study area;  

� Hunger is one of the direct manifestations of poverty. In May, 2017 the 
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 According to Bailey (2003), the impact of CTs on hunger has been most pronounced in 

low-income countries (LICs) where poverty is generally more severe. In these settings, 

households receiving additional income are particularly likely to prioritize spending on 

improving the quantity and/or quality of food consumed. Cash transfers might indirectly 

improve food consumption through investment in livelihoods that increase income 

(Bailey, 2013).  Furthermore, cash transfers can potentially play an important role to 

smooth consumption by stabilizing household income fluctuations (Maluccio, 2005).

The paucity of research efforts on household uplifting programme in Nigeria especially in 

the Northcentral geopolitical zone of Nigeria made this study urgent and compelling.This 

study seeks to investigate the impact of household uplifting (unconditional) cash transfer 

programme on Food Consumption and Dietary Diversity in North Central, Nigeria and 

also reduce the paucity of empirical literature on cash transfer impacts on food 

consumption and dietary diversity in Nigeria.

Organization for Economic Cooperation and Development (OECD) declared that about 

7.1 million people in Nigeria are facing acute food insecurity and in need of urgent 

lifesaving and livelihood protections(OECD, 2017).  Also, according to BBC news on 11 

March 2017, the UN estimated that there were 75,000 children at risk of starving to death 

in Nigeria. Poverty situation got worsened by insurgency (Boko Haram) and exacerbated 

daily by the Herdsmen/farmers clashes leading to loss of livelihoods thus making them 

more vulnerable. Households often experience shocks leading to the adoption of coping 

strategies such as variability in their food consumption, purchase of cheaper and less 

nutritious food staple substitutes, skipping meals and, in extreme case, scavenging. 

 Specifically, the study soughtto:describe the socio-economic characteristics of the 

vulnerable rural beneficiary households in the study area;determine the impact of HUP on 

food consumption and dietary diversity of vulnerable rural beneficiary households in the 

study area; 

This study was conducted in North Central zone of Nigeria. 

Methodology

Study area
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Figure 1: The North Central States of Nigeria Source: Adapted and modified from administrative 
map of Nigeria 
Source: Oladimeji, (2015)

Population and sampling technique

The population for this study consists of HUP cash transfer beneficiary and non-

beneficiary vulnerable rural households in North central Nigeria. The sample selection for 

the study was done using purposive andproportionate stratified random sampling 

techniques.  In the first instance, two States (Benue and Nasarawa) were purposively 

selected out of the six (6) states in the North Central. This is because the two States are 

among the poorest States in the north central and the Ffederation (NBS report, 2010) and 

their situation is being worsened by herdsmen attack.   According to Ikwuba (2011), Benue 

ranked the 8th poorest state in the federation. The study described its poverty as absolute, 

severe, widespread and multi-dimensional and has increased in the last decades. While the 

United Nations poverty index (2017) affirmed that poverty rate in Nasarawa was about 
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The sample size was determined using Taro Yamane (1973) formula   

52.4% in 2017. Also,a purposive selection of one Local Government from each of the three 

senatorial zones in each state based on the level of programme implementation which gave 

a total of six Local Government Areas. According to the State Cash transfer Office in both 

states, the programme is operational only in nine (9) and six (6) Local Government Areas 

of Benue and Nasarawa respectively. The population of the beneficiaries (24,660) and non-

beneficiaries (295,982) from the six selected Local Government Areas was mined from the 

State cash transfer Office data base and National Social Register respectively.

 

Food Groups
 

Food Weight
 

Main Staples
 

2
 

Pulses
 

3
 

Vegetable 1 

Fruit  1 

Meat/Fish 4 

Milk 4 

Sugar, soft drinks and cake 0.5  
Vegetable Oils and fats

 
0.5

 
Condiments, Spices, tea and Coffee

 
0.5

 
Source; Swindale&Bilinsky, 2006

 
).
 

 

Because household dietary diversity generally increases as income increases, this indicator 

is sometimes used as a proxy for the access dimension of food insecurity, and is one of the 

 According to Food and Nutrition Technical Assistance (FANTA), Household 

dietary diversity, defined as the number of unique foods consumed by household members 

over a given period, has been validated to be a useful approach for measuring household 

food access, particularly when resources for undertaking such measurement are scarce.

 Dietary Diversity Score:The HDDS is aproxy measure of the socio-economic 

status of the household' It is used to measure the impact of a project on household food 

access (Kennedy et al, 2011). It is determined by counting the number of times any member 

of the household eats food within the food group Using 24-hour or 7 days recall period as 

reference period.
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indicators frequently used to assess how interventions designed to increase household 

income have affected food consumption ( Swindale & Bilinsky, 2006).

Table 2:

 

Showing the

 

Household Dietary diversity Food Groups

 

HDDS FOOD GROUPS (1-12)

 

Cereals

 

Root and Tubers

 

Vegetables 

 

Fruits 

 

Meat,poultry and offal
 

Eggs, fish and sea foods 
Pulses, legumes and nuts

 Milk and milk products

 
Oil/fats

 

Sugar and honey

 

Eggs

 

Miscellaneous 

 

Source:Swindale&Bilinsky, 2006

 

HDDS (0-12)=Total number of food groups consumed by members of the household. 

Values for each food group will be either “0” or “1” or “Yes or “No” if any member of the 

household consumes the food group in the last 24hrs or not, Then Sum all (“yes” or 1).

Propensity score matching (PSM) as introduced by Paul Rosenbaum and Donald Rubin 

(1983), is a statistical matching technique that attempts to estimate the effect of treatment 

policy or other interventions by accounting for the covariates that predicts receiving the 

treatment. PSM constructs a statistical comparison group that is based on a model of the 

probability of participating in the treatment T conditional on observed characteristics X, or 

the propensity score:

Propensity Score Matching

P (X)= Pr (T = 1|X)(3)

The estimated propensity scores,  matched-pairs can be constructed on the basis of ),(xp)

how close the scores are across the two samples using any of the matching algorithm.  Two 

groups were identified: the HUP cash transfer beneficiaries (denoted Hi =1 for household 
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                β= a vector of coefficients to be estimated.

The propensity score was estimated by logit regression given as:

 Selection of Covariates

Two groups were identified: the HUP cash transfer beneficiaries (denoted Hi =1 for 

household i) and non- beneficiaries (Hi=0). HUP beneficiaries (the “treated” group) are 

where H= treatment indicator which is a binary variable coded as 1 if a 

household is a beneficiary of HUP and 0 otherwise.

Estimation of Propensity Score

The estimation of the propensity score model is an essential step of the process as the 

omission of key variables can bias the estimated treatment effect (Heckman and Todd, 

1998; Dehejia and Wahba, 1999).Propensity Score used to Compare treated and 

comparison individuals who have similar “propensities” or likelihoods for receiving 

treatment, conditional on a set of several covariates or likelihood that any given individual 

would be in the treatment group, given a set of measured characteristics.

i) and non- beneficiaries (Hi=0). HUP beneficiaries (the “treated” group) are matched to 

non-HUP beneficiary households (control group) on the basis of the propensity score, that 

is, the probability of being treated given observed characteristics as defined by 

Rosenbaum and Rubin (1983):   

  X = is a set of covariates that determines participation namely: Age of respondents, 

Household size, Gender of household head, Marital status, Educational level of the 

respondent, Occupation and Land size.

— where X is a vector of pre-exposure control variables/covariates

The choice of covariates to include in the model, was based on relevant literature on 

determinants of Food consumption and Dietary Diversity. Based on that,Age of the 

beneficiary, Household size, Gender of household head, Marital status, Educational level 

are found to be important determinants of household food consumption and dietary 

diversity. According to Starks and Garrido (2014), selection of variables should involve 

those that are theoretically related to treatment & outcome.
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The propensity score was estimated was given that the treatment is binary using a logit model 

given as

matched to non-HUP beneficiary households (control group) on the basis of the propensity 

score, that is, the probability of being treated given observed characteristics as defined by 

Rosenbaum and Rubin (1983):   

 Selectingof Matching Methods

where Y= treatment indicator which is a binary variable coded as 1 if a household is a 

beneficiary of HUP and 0otherwise.

 X = is a set of covariates that determines participation namely: Age of 

respondents(beneficiary), Household size, Gender of household head, Marital status and 

Educational level of the beneficiary. β= a vector of coefficients to be estimated.

— where X is a vector of pre-exposure control variables/covariates

In this study, theAttnd,Attr and Attkaccording to Becker and Ichinno (2002) ie nearest 

nieghbour with replacement, radius with 0.01 caliper and kernel matchingwere used to 

estimate the average treatment effect on the treated (ATT)

Once propensity scores are computed, matching method is selected to create a comparison 

group based on propensity score. Matching can be done using Nearest Neighbour with or 

without replacement, Radius Matching with caliper, Kernel Weighting and Inverse 

Probability of Treatment Weighting etc.  According to Starksand Garrido (2014), there is 

no universal best method in matching, rather it involves choosing the method that has the 

best balance and still meets the analytic goal.Several alternative matching techniques are 

used to check the robustness of the baseline estimates derived.

Average Treatment effects on the Treated (ATT),

where H is the index of exposure to treatment (i.e HUP) =1 or 0 otherwise. Y  and Y  are 1i 0i

the potential outcomes (e.g., food consumption, expenditure on agricultural inputs, 

resilience e.t.c) in the two counterfactual situations of treatment (HUP beneficiary) and 

non-treatment (non- HUP beneficiary).
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In this context, matching diagnostic tools applied here were the Psgraph, standardized bias 
2by Rosenbaum and Rubin (1985)using Pstest with option both, to estimate the Pseudo-R , 

Likelihood ratio(LR), LR chi2 Bias and variance and compared between matched and 

unmatched samples.  The two- sample t-test with equal variances was also used to 

compliment the others.

Socio-economic characteristics of vulnerable rural beneficiary households

The common diagnostic tools for assessing matching quality are

Here, the region of common support needs to be defined where distributions of the 

propensity score for treatment and comparison group overlap.

  Ratios of variance

Resultsand Discussion

  Graphs – Quantile-quantile plots – Plots of covariates in treated and comparison groups

�The result of the socio-economic characteristics of the vulnerable households is 

shown in Table3.The result shows that a total of 408 respondents were surveyed which 

comprises of 204 beneficiaries and 204 non beneficiaries. Out of the 204 

Assessing the Sensitivity of Estimates to Unobserved Heterogeneity

The last step in propensity score matching estimation is to perform a sensitivity analysis. 

Matching method is based on the Conditional Independent Assumption (CIA), that is 

selection on observable characteristics. However, if there are unobserved variables which 

affect assignment into treatment and the outcome variable simultaneously, a 'hidden bias' 

might arise. It should be clear that matching estimators are not robust against this 'hidden 

bias'. However, a hidden bias might arise if there are unobserved variables which affect 

assignment into treatment and the outcome variable simultaneously which abolish the 

CIA. The sensitivity analysis can be conducted using the bounding approach suggested by 

Rosenbaum (2002) or simulation-basedsensitivity analysis for matching 

estimators(Sensatt) by Ichinoet.al, 2006.  In this study, the simulation-based sensitivity 

analysis for matching estimators (Sensatt) was used to assess how matching estimators 

were robust against the unobserved variables which may affect assignment into treatment.

 Standardized differences

Assessing Matching Quality
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� The Pstest was carried out to assess the balancing quality between the covariates 

before and after matching and the result is stated in Table 4. The result shows a significant 
2reduction of the pseudo-R  between matched and unmatched sample. Rubin (2001) 

recommends that R be between 0.5 and 2 for the samples to be considered sufficiently 
2 balanced.  The insignificant LR chi after matching supported the hypothesis that both 

groups have the same distribution in covariates after matchingi.e.,matched CT 

beneficiaries and non-beneficiaries are statistically not different from each other. Also, the 

percentage variance showed a significant reduction in size.

beneficiaryrespondents, 23 percent were male while 77 percent were female which is an 

indication that women were given preference in the Household Uplifting Programme 

probably because they are more vulnerable. Mean age was 42years while the minimum and 

maximum age of the respondent were19 years and 90 years respectively.  A total of 150 

respondents were married which represent 74 percent of the household surveyed while 21 

percent were widows (42respondents) and 6 percent (12 respondents) were widowers 

which is evident that the programme is targeted at households.72 percent of the households 

were farmers, 22 percent were petty traders and 6 percent had fishing as their occupation. 

This shows that the programme was designed for rural households and farming is their 

major occupation.   The respondents had a mean household size of seven (7), with 

minimum household size of 1 and maximum of 21 persons. More than 50 percent of the 

respondents had between 6-10household size. The large number of the household size is 

evident of the impact of the Fulani herdsmen on the households as they try to accommodate 

their extended family members especially in Benue state. This may have implication on 

their welfare outcomes. With respect to their educational backgrounds, 25 percent of the 

respondents had no education at all, 31 had primary education,35 percent had secondary 

education and about 9 percent had tertiary education.  This means that about 56 percent of 

the respondents falls between 0- 6years of education which could under-pin why they are 

more vulnerable.The mean land size per hectare is 4.5 hectares, minimum is 0.5 ha and 

maximum were 12. This an indication that the respondents were majorly farming 

households.  The mean income is ₦8625 with a minimum of ₦6500 and maximum of 

₦12000.

Assessing the matching quality

Impact of Unconditional Cash Transfer on Vulnerable   ... Nwoko, Et al 
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Table 3: Distribution of Socio-Economic Characteristics of Respondents (n=204) 
Variable Frequency Percentage Mean Min Max 
Age of respondent (yrs)                                                      42                   17               90                                    
<20 years                                    2                           0.98    

21-25                                           11
 

5.39
    

26-30            
                               

24
 

11.77
    31-35                                           28

 
13.72
    36-40

 
41

 
20.1
    41-45

 
26

 
12.75
    46-50

 
30

 
14.7
    51 and above

 
42

 
20.59
    Gender of household

 Male

 

47                    23.04

    Female

 

157

 

76.78

    Marital Status

 Married

 

150

 

74

    Widows

 

42

 

21

    
Widowers

 

12

 

5

    
Single

 

0

 

0

    
Occupation

 
Farming

 

157

 

77

    
Petty trading

 

46

 

22

    
Fishing

 

10

 

6

    
Household size                                                                         7                

      

1                  21

 
1-5 70

 

34.31

    

6-10

 

103

 

50.48

    

11-15

 

21

 

10.29

    

16-21

 

10

 

4.9

    

Education                                                                                   

 

No formal education

 

50

 

24.63

    

0-6years

 

63

 

31.03

    

7-12years

 

72

 

35.40

    

Land size                                                                                 5                    0.5           

         

12                        
0-5 133

 

65.18

    

6-10

 

70

 

34.3

    

11-15

 

1

 

0.49

    

16 and above

 

0

     

Monthly Income                                                                      8,652                6,500           12,000    

 

5-9 180

 

88.28

    

10-14 24 11.76
15 and above

 

0

 

0

    

Source: Author’s Computation from Field Survey Data, 2020
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Assessing the matching quality

� The Pstest was carried out to assess the balancing quality between the covariates 

before and after matching and the result is stated in Table 4. The result shows a significant 

2
reduction of the pseudo-R  between matched and unmatched sample. Rubin (2001) 

recommends that R be between 0.5 and 2 for the samples to be considered sufficiently 

2 balanced.  The insignificant LR chi after matching supported the hypothesis that both 

groups have the same distribution in covariates after matchingi.e.,matched CT beneficiaries 

and non-beneficiaries are statistically not different from each other. Also, the percentage 

variance showed a significant reduction in size.

Table4: Summary of Pstest showing balancing Property 

Sample (FCS) PsuedoR2       LRchi2        p>chi2meanBiasmedBias        B               R         %Var 
Unmatched 
Matched 

0.259   146.67  0.000    42.3         37.7       133.4*    0.60    75 
0.017     9.42     0 .093    9.5         3.8       30.1*    2.48     50 
 

Unmatched 
Matched (DD) 

0.259      146.67       0.000         42.3              37.7              133.4*         0.60       - 
0.133        20.33       0.001         28.5              28.5              105.6*         0.23   

Note: No. of Selected Blocks: FC =5; DD =5 
B= absolute standardized difference of meansof the linear index of propensity in the matched and 
unmatched group 
R= the ratio of treated to non-treated variances of propensity index 
Source: Author’s Computation from Field Survey Data, 2020 
 

Fig 2Histogram Showing the Standardized 
Percentage Bias across Covariates for FC
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Fig 3:Histogram 
Showing the 
Standardized 
Percentage Bias 
across Covariates in 
Dietary Diversity

The two-sample t-test with equal variance was carried out to complement the evidence of 

balancing quality between covariates in all the 5 blocks selected and the t- test was not 

significant for all the covariates which shows that they are not statistically different and 

the variables were balanced in all the 5 selected blocks(See appendix) i.e. satisfying the 

balancing property.

� The Psgraph which shows the overlap of the distribution of the propensity scores 

across cash transfer beneficiaries' and non-beneficiary groups is displayed in Figure 3 and 

the extent of overlap to be satisfactory.  The histogram showing the percentage bias 

across the covariates is displayed in fig 3 and 4 to show the level of bias reduction in the 

matched and unmatched groups.



Impact of Unconditional Cash Transfer on Vulnerable   ... Nwoko, Et al 

 77 

Fig 3: Psgraph Showing the Level of Balancing Between the Cash Transfer beneficiaries and 
Non-Beneficiaries (FCS) 

Fig 4: Psgraph Showing the Level of Balancing Between the Cash Transfer beneficiaries and 

Non-Beneficiaries (DD) 
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Estimation of Att and impact of household uplifting programme on food consumption 

and dietary diversity

� The result of the estimation of the average treatment on the treated is presented in 

table 5. The estimation of (Atts) was done using three matching methods viz nearest 

neighbour(Attnd), radius with caliper andkernel (Attk) matching to ensure consistency of 

matching between the beneficiaries(treated) and non-beneficiaries(control).  The first 

outcomevariable here is food consumption(FC) which was estimated using household 

food consumption score.The bootstrapping was done using 1000 replications which 

ensures the accuracy of the sample estimates used in the population and bias reduction. 

TheAtt result of the nearest neighbour was positive and about 37 percent.  It was 

significant at all levels. The kernel and radius estimators were also used for robustness, 

and the results were quantitatively similar.  This means that being a beneficiary of 

Household Uplifting Programme significantly increased household food consumption at 

about 37 percent.

 Also, a second outcome variable in Table 6 isthe dietary diversity (DD).  The result of the 

nearest neighbour estimation was positive and about 42 percent. This was significant at all 

levels.The radius and kernel estimators were also used for robustness and consistency.  

This implies that Cash transfer increases dietary diversity of household at about 42 

percent. This result leads to the rejection of the null hypothesisthat there is no significant 

impact of HUP Cash transfer on food consumption and dietary diversity of the vulnerable 

rural beneficiary households in the Northcentral Nigeria.The reason for this outcome 

could be deduced that households receiving additional income are particularly likely to 

prioritize spending on improving the quantity and/or quality of food consumed. Also 

receiving cash transfer can help them stabilize their income fluctuations and prevent or 

mitigate negative responses to food insecurity, such as skipping meals.   This outcome is 

in line withKusuma et al. (2017) who worked on the impact of household and community 

cash transfers on children's food consumption in Indonesia. His analysis showed that both 

cash transfers lead to significant increases in food consumption particularly for protein-

rich items. It is also in line with Bastian et al. (2017) who workedon vulnerable female 

headed households in the Northwestern Nigeria as their analysis showed a positive impact 

on household food consumption.  Also see Gilliganet al. (2013) and Miller et al. (2011).
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Table 5:  ATT Estimatesof the Impact onFood Consumption Score andDietary Diversity 

Methods n.treat. n. contr. ATT Std. Err. T B/strapping Std.Err. T 

Attnd (fcs) 

Attk (fcs) 

Attr (fcs) 

204 

204 

152 

72 

134 

109 

3.65 

3.75 

4.04 

0.56 

- 

0.49 

6.44 

- 

8.17 

3.65 

3.75 

4.04 

0.60 

0.54 

0.58 

6.00 

6.86 

7.96 

Attnd (DDs) 

Attk(DDs) 

Attr(DD)                                                            

204 

204 

152 

70 

134 

109 

0.42 

0.39 

0.48 

 

 

0.17 

  - 

0.14 

2.47 

- 

3.14 

0.42 

0.39 

0.48 

 

0.18 

0.15 

0.14 

2.36 

2.64 

3.26 

Source:Author’s Computation from Field Survey Data, 2020 

Sensitivity result

The simulation result of the ATT(s) is displayed in table 6 below.The simulation was done 

using a simulation-based sensitivity analysis (Sensatt) consistent withIchinoet al., (2006) 

to check for the presence of unobserved variables affecting both selection into treatment 

and outcome variable simultaneously.The ATT(s) were stimulated with a cofounder U. It 

showedthat the outcome and selection effect were positive and greater than 1 and there was 

no difference between the baseline ATT and the stimulated ATT. According to Nannicini 

(2007), both the outcome and selection effects must be positive. This implies that impact 

estimates of ATT are insensitive to unobserved selection bias and are a pure effect of cash 

transfer beneficiaryand the results estimated support and strengthen the robustness of the 

matching analysis above.

Table 6: Showing the Sensitivity Analysis  

ATT    ATTStd. Err.    Out. Eff.  Sel. Eff. 
            (baseline)    (Stimulated)    
___________________________________________________________________ 

FCS   3.65 3.650.581       1.1881.056 
 
 DD      0.420.420.124          1.300               1.035 

Note: Both the outcome and the selection effect 
are odds ratios from logit estimations. 

Source:  Author’s Computation from Field Survey Data, 2020 
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In conclusions,the HUP Unconditional Cash Transfer has a positive and significant impact 

on food consumption and Dietary diversity of beneficiaries in North Central Nigeria and the 

programme was meant for vulnerable households.

Conclusion and Recommendations

 � h�p://www.fantaproject.org/sites/default/files/resources/HDDS_v2_Sep06_0.pdf

Bilinsky P, Swindale A. Household dietary diversity score (HDDS) for measurement of �
household food access: indicator guide version 2 anneswindale household dietary �
diversity score (HDDS) for measurement of household food access: indicator guide �
version 2, (2006). “Retrieved from” 

3) Policy maker should ensure the programme is sustained to reduce hunger and 

malnutrition among vulnerable households.

Dehejia, R. H., and S. Wahba (1999): “Causal Effects in Nonexperimental Studies: Re-

Cash transfers have been proved to be effective tool in reducing poverty and 

vulnerability and the case of Household Uplifting Programme in Northcentral Nigeria is not 

different having been statistically proven. It is evident from this research that Government 

public interventions such as HUP which aims at responding to deficiencies in human capital 

of the poor and vulnerable households by delivering timely and accessible cash transfers to 

beneficiaries have significant positive impact on the beneficiary's welfare outcomes such as 

food consumption and dietary diversity. It is therefore recommended that:

Bastian, G., Goldstein, M. and Papineni, S. (2017). Are Cash Transfers Better Chunky or �
Smooth?Evidence from an Impact Evaluation of a Cash Transfer Program in �
Northern Nigeria. Gender Innovation Lab Policy Brief; No. 21. World Bank, �
Washington, DC © World Bank. 

1) Policy makers should ensurethat the transfers are regular, stable, and sufficient to 

achieve sustainable impact and sufficient household welfare outcomes.
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